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Abstract LSH (Locality-Sensitive Hashing) is a near neighbor search algorithm that performs probabilistic hash-
ing of high-dimensional data. For reducing the detection time of code clones, the execution time of LSH needs to
be speeded up. In this study, we propose an approach to determine LSH parameters based on source code analysis
in order to not only speed up code clone detection but also keep the preciseness of it.
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)
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probes multi-probe
4

4.

3. 2. 3
FALCONN

2 5 2

LCD (last_cp_dimension) cross-polytope LSH

T cross-polytope
LSH r 2 p, q 3

0.8 T

4. LCD

ln 1
P r(p, q)

= r2

4 − r2 · ln T + Or(ln ln T ) (3)

l

4.

L 2 p, q

P rL(p, q) 4
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