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(JE7) : https://stackoverflow.com/
(7E8) : https://github.com/c2nes/javalang
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5.1 RQI: U ZEUMEICED <ARHMEED FHE

# 113, SemanticCloneBench |G, %7 u— i
BOFEFRAE D LEVEIIBITS, BEE F
Bl=¢, FIETH 5.

ASTNN (%, L ZWl2%0.393 »& X2 F flidswk
0921) &7, WAEFLHBRIIZNZN 87.5%,
97.3% %45, s uo— LD L, H
B OfEDH 12 BA > b-14 KA~ b, F72 FHEH
0.042-0.162 % <, AREBRIZB W TR D B b ke
%7~ 9. ASTNN Tif, IR TFT—2 2y P TEIZ,
FOT—=% %y MIEEND b= YR UAD
J=RICHTAEIURT V T o BRT 5720, FH
FROFHEOEIEHNEEZEZOND.

CodeBERT w/ fine-tuning (&, L X\ EAY0.918 D&

# 1 SemanticCloneBench (2K} 9 5 %7 1 — Vi g0 #
A2, BHE, FE

LEWE | @G53 B3l FE
ASTNN 0.393 | 87.5% 97.3% 0.921
CodeBERT w/ fine-tuning 0918 | 90.5%  85.4% 0.879
CodeBERT w/o fine-tuning 0985 | 74.9%  83.7% 0.791
InferCode 0.884 | 69.4%  83.7% 0.759

E|ZF MK (0.879) L7400, BEFLHB=RI
TNZEN 90.5%, 85.4% %155, Mo v —Hilid:
EHRD L, BEROMEPHK 3 ARA 2 b 21 FA >~
& <, CodeBERT W/ fine-tuning (&, ARHEERIZB T
ROBMINERI LICdwra—- Ui THE LT
% %. CodeBERT w/ fine-tuning Tid, IEF7 10— D
T7AyFa—= 7Ly, HRiFETHRIZa-F
FHZF TR L, BWRW 20— » ORI EAL S
N5, ZNZXD, CodeBERT w/ fine-tuning @38 4%
MO 70— B FEL Y &R L EILNS.

iz LB HW 70— U iiligsTH 5 Code-
BERT w/o fine-tuning (&, L Z\M4%0.985 D& XIZF
AR (0.791) &7, BEFELHIHRTZLEN
74.9%, 83.7% %13%. #7z, InferCode ¥, L &\l
770.884 O & X2 FHEAMRA (0.759) &4 h, #MER
EFBEIEENEN 69.4%, 83.7% %15%. ¥iliid Y
FHRy AR E RS L TR0 E AT
¥ 13 RA v 21 KA v b, F7z F I 0.088-0.162
vy, Type-4 70— iZBUTLHEEFEOE S, &
a— FRIOADHFFEEZ V727 v — Uiz
L, #Hifize LB LrHW70— VbR Big 5
WERKCFHEIL, Hid 58z okt e
HARTERWEIZR S EE 2515, —J7, CodeBERT
w/o fine-tuning & InferCode |2 BT A2 HEFIILELE S
b 83.7% TH Y, HMHTHEDO—DTH % NiCad [25]
DOEBAE (4.0%) [12] £ b SIEHFIm. T2, 2
Y FEH e A FR L AT, BHEOWAE 4
14 BA 2 M2z 5 Tn 5

# 213, BigCloneBench % fi\:7- & & O FEERH R
&, SemanticCloneBench % iV 7z & & OFERE R % 7R
L7:%T&%. SemanticCloneBench (2%} 3% ASTNN
/27 u— VR Tld, BigCloneBench & I~ T
WEZDHI 12 BA ¥ M L72—HT, BHEIIH9
KA MEIML7:. ZO#%, SemanticCloneBench |2
BT % ASTNN @ F f#iZ, BigCloneBench & i L C
0.017 4> L 72. —7, SemanticCloneBench 249 %
CodeBERT w/ fine-tuning % V2727 0 — U ey T,
BigCloneBench & HT#AR - fHBIE L IR L,
ENENARAL -, I8 KA M Thotz. £
DFER, SemanticCloneBench 123513 % CodeBERT w/
fine-tuning ® F ffiiZ, BigCloneBench & I LT 0.062
784> L72. SemanticCloneBench {Z%§9 % InferCode %
w7227 o— U ClE, BigCloneBench & T
EEMPHI20 KA ¥ MEA L72—HT, FHEIZH 28
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2 BigCloneBench /% U SemanticCloneBench % x4 & L7z 7 0 — ¥ Bt Tk 0 Bt 5

BigCloneBench [6], [8], [22]
e R

SemanticCloneBench
F i | @G HBIE FE

ASTNN 99.8%
CodeBERT w/ fine-tuning | 94.7%
InferCode 90%

0.938 | 87.5% 97.3% 0.921
0.941 | 90.5%  85.4% 0.879
075 | 69.4% 83.7% 0.759
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Thresholds

[% 2 SemanticCloneBench (Z%f L C L & Wi & 2 L S & 72
WA O F AR

73  SemanticCloneBench 2K 3 % %7 0 — Ui B
WC FEDEL 25 L) % L&V EOHPH

FEOFE L W EOHH
ASTNN [0.875, 0.921]  [0.175, 0.617]
CodeBERT w/ fine-tuning | [0.835, 0.879]  [0.876, 0.935]
CodeBERT w/o fine-tuning | [0.751, 0.791]  [0.980, 0.989]
InferCode [0.721, 0.759]  [0.803, 0.921]

KA MLz, #H & LT, SemanticCloneBench
\281F % InferCode @ F fHiL, BigCloneBench (2817
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2 1%, SemanticCloneBench {Zxf L CL X W MEZ %
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O— BB r & LRI, LEWEEEOICKRET
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BV BETE VW ETFHIND.
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W FEPRKRE LD L) B LEVEERRETE Lo
72 LT%H, ASTNN O FAHASIRAKE %2 5 &9 2 IKE
IR PR RE % 648 C X AT ERIEDSE .

6. ZUMADER
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