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StringBuffer buf = new StringBuffer();
for(int i = @; i < token.length; i++){
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comment :

hadoop
HACK Use this as a global lock in the INI layer

SATD

private static final int DEFAULT_DIRECT_BUFFER_SIZE = 64*%1024;

- // HACK - Use this as a global lock in the INI layer
- private static Class clazz = ZlibCompressor.class;

private long stream;

private CompressionLevel level;
private CompressionStrategy strategy;

SUGGESTED
private static final Log LOG = LogFactory.getLog(Bzip2Compressor.class);
- private static Class<Bzip2Compressor> clazz = Bzip2Compressor.class;
private long stream;

private int blockSize;
private int workFactor;
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