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Towards Understanding the Capability of

Large Language Models on Code Clone Detection
(https://arxiv.org/abs/2308.01191)

HEER (fine-tuning&z L) .
(Bt 70> 7+ OMEEEEE) 0.
BigCloneBench Ti i 0
e LLMOARTIEGPTARWER |
e T1- T2

> BEODY—ILHARWER :
e MT3 - T4

o0

(@)

~

N

(@]

= LLMA R WiEE Precision
v .
: ] S - < m NiCad m Oreo
Fine-tuning= 17X 13 3 b IC LLaMA2-Chat-7B = GPT-3.5-Turbo mGPT-4

MT3 - TADMEBEN EA D DTl ? 4



Fine-tuning % T - 7=LLM(GPT-3.5/GPT-4/llama) ® 14 8t

.

ETHICIZELR 2P EEAE LWLV — FZFMA L TLLM%Zfinetuningd %
A 4

BYXNEHUEDEWT—22FF S, MT3PT40tEZ LIF7=L




XI&R : GPT3.5-turbo. GPT-4. llama2. code-llama

BigCloneBench -/ BigCloneBench -/

|

LEBR



LLM 1% g 24l

FERATAIRF~v—72 : BigCloneBench

@ BigCloneBench®F—4%4+ty b D24 7°Z £ 1220001E % 3

@ LLMAAADLEZZ1S5
e LLMIZH L. B8EdD R 7 HCode CloneTH B H % Yes/No THREL T
59

R fREAEST L. Recall&Precisionzg 3



(BE)LLMIZ & 2 BZDHF

GPT-3.5-turbo D E{THER DH

A7

System : Always answer with only ‘yes’ or ‘no’ only.

User : | will now give you the two snippets,
and you are to answer the questions based
on the content of the two snippets.

Snippet 1:
functionl

Snippet 2:

|function2§ ) }|

Please analyze the two code snippets and
determine if they are code clones. Respond
with 'yes' if the code snippets are clones or
'no’ if not.

e
> Assistant: Yes.

> Assistant: No.

> Assistant: Since the code snippets
are identical, the answer is 'yes.'

> Assistant: I'm sorry, | can't answer that.
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